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Abstract The advantages and disadvantages n rmmote sensing inage classificaton m ethods at present awe
analyzed in cluding maximum lkelihood classificaton (MILC); Anrtificial neural netvoiks (ANN)
classificaton  logic reasoning classification based on symbol and m ks In order o advance mmote sensing
mage classificatbn multi resouce spatial database is set up by means of GIS  the thought and concept of data
mining are mpored and the ranote sensing mage c hssification frane is brought Hward The ncept of
classificaton and he index of judging splitting point on continuous valued attrbutes sanples are defined a
nev akorihm is proposed whidh mines classification wles on the continuous valied attrbutes spatial database

A twail area is selected the wo pwopcts are put i practice which are based on Spectia Data canbning of
Spectra data and DEM data espective ly mining classification mles classify ng remote sensing mage by the way
of the akorittm.  and canparing their classification accuracy. Trail outcane shows that (1) the classification
accuracy of the algorithm is good (2) integrating DEM and other correlative data inb the spatial database can
advance chssification accuracy The way of mining classification mles being applied © mmote sensing in age

classificaton bwoaden the channel of know ledge discovery in logic rasoning chssification based on syn bol and
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ruks

advance the capability of discovering classification wles autamatica lly

The new akoribhm mining

classificaton wles on the contnuous valied attrbutes enhrge he adaptability of nducing kaming akorithm to
he classification of the continuous valied attributes san pks
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Tabk 1 Errormatrik of classifier based on spectra data

c, ¢ ¢ ¢ G Co| >
¢ ® o 0o 1 0 0 | 17
(o2 1317 1 1 17 1 | 338
G 12 218 0 0 1 | 222
G, 2 0 1 » 0 0 | 240
Gs 0 16 0 0 208 0 | 224
G 0 0 0 0 0 200 | 210
> 173335 220 239 225 212 | 1404

=85, 9%; Kappa=0 84

: DM ,
6 , 18
[

( sensitivity™>2% ) ( precision™> 75%; )

1L [ 14< a6 (x)<<73.5] N\ [36< as(x)<<
107] A [ 94.5<<a, (x)<< 151] = (94.3%,
1005, 10024 )

12 [ 14< a6 (x)<<73.5] N [ 107 a4 (x )<
1811\ [85.5Cas (x )<< 191] A\ [ 18< a5 (x)<<92. 5]
= (2.3%, 99.9%, 80.0% )
2L [91<Zas (x)<< 178] N [ 81y (x)<<

(93.7%, 99.9%, 99.7% )
22 [73.5a (x =< 178] N\ [ 84. 5Za; (x)
<86.5] N\ [60< a, (x)<<117.5] N [ 105.5Za; (x)
< 143]= (4.5%, 10006, 1002 )

3L [ 14< a6 (x)<<73.5] N [107<ay (x)<
181] A\ [49< a5 (x)<C85.5] N [66< a, (x)<76. 5]
= (95.0%, 10026, 1004 )

32 [14< a6 (x)<<73.5] N [107<ay (x)<
1811\ [49< a5 (x)<<85.5] \ [ 76. 5Za, (x)<< 151]
N186.5<a (x)< 143] = ( 3.6%,
1005, 100%% )

4L [14< as (x)<<73.5] N [107<ay (x)<
181] A [ 85.5<Tas (x)<< 1811 A\ [92.5<Cas (x)<<
2031 = (15.0% 99.8%, 94.7% )

42 [73.5Zas (x)<<91.0] N\ [ 81< 4 (x)
<84.51 N [98.5<<a, (x)<< 151] = (83.8%,
99.9%5, 99.5% )

5L [73.5Zae (x)=<178] N\ [ 84. 5Za; (x)
<86.51 N\ [117.5Ca, (x)<< 151] = (72.0%,
10025, 1002 )

52 [73.5Zas (x)<<178] N\ [ 84.5Za; (x)
<86.5] N\ [60< @, (x)<<117.5] = (6.2%,
10026, 10025 )

53 [ 73.5<ae(x)<<152.5] A\ [ 84.5<<
a7(x)<<86.5] N [117.5<a (x)<< 151] =
(20.9%, 100, 1002 )

61 [ 14< a6 (x)<<73.5] N\ [36<as (x)<<
107.5] A [ 60< a, (x) << 94.5] = (99. 1%,
10026, 1002 )
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Tabk 2 Errormatri of classifier based on DEM
spectra and DEM data , 5. 2%
c, G G ¢, G Col| > 5-8%.
C, 169 0 0 1 0 0 170
G, 2 331 1 1 1 2 338
G 0 1 218 0 0 0 219
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Fig 4 Renoke mage chssifier outcane
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